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Objectives: To date there have been no value sets to support the use of the EQ-5D-Y in cost-utility 

analysis. Discrete choice experiments (DCEs) can be used to obtain values on a latent scale, but 

these values require anchoring at 0 = dead to meet the conventions of quality-adjusted life year 

(QALY) estimation. The primary aim of this study is to compare four preference elicitation methods 

for anchoring EQ-5D-Y values.  

Methods:  Four methods were tested: visual analogue scale (VAS), DCE (with a duration attribute), 

lag-time time trade-pgg!)UUP*!boe!uif!sfdfoumz!efwfmpqfe!ǂmpdbujpo-of-efbeǃ!)MPE*!fmfnfou!pg!uif!

personal utility function approach. In computer-assisted personal interviews, adult members of the 

UK general public were asked to value both EQ-5D-3L health states from an adult perspective 

(considering their own health) and EQ-5D-Y health states from a child perspective (considering the 

health of a 10-year-old child). All respondents completed valuation tasks using all four methods, 

under both perspectives. For a subset of respondents the instrument was controlled for, i.e. EQ-5D-Y 

health states were valued under both perspectives.   

Results: Three-hundred and forty-nine interviews were conducted. Overall, respondents gave lower 

values under the adult perspective compared to child perspective, with some variation across 

methods. The mean TTO value for the worst health state (33333) was about equal to dead in the 

child perspective and worse than dead in the adult perspective. The mean VAS rescaled value for 

33333 was also higher in the child perspective than in the adult perspective. The DCE produced 

positive child perspective values and negative adult perspective values, though the models were not 

consistent. The LOD median rescaled value for 33333 was negative under both perspectives, and 

higher in the child perspective. When asked directly about their prioritisation preferences, 65% of 

respondents indicated that treating adults and treating children should have same priority.  

Discussion:  There was broad agreement across all methods. Values for 33333 tended to be negative 

for the adult perspective and closer to 0 for the child perspective. Potential criteria for selecting a 

preferred anchoring method are presented. We conclude by discussing the decision-making 

circumstances under which utilities and QALY estimates for children and adults need to be 

commensurate in order to achieve allocative efficiency.   
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The EQ-5D-Y (Youth; three-level version) has been developed as a measure of health outcomes 

suitable for children and adolescents (Wille et al., 2010; Ravens-Sieberer, 2010). However, no value 

sets are available, so EQ-5D-Y data cannot currently be used to estimate quality-adjusted life years 

(QALYs), as required for cost-utility analysis. The EuroQol Group has recognised the need to establish 

a protocol for conducting EQ-5D-Y valuation studies.  

Two methodological EQ-5D-Y valuation studies ƿ one using visual analogue scale (VAS) (Kind et al., 

2015) and the other using composite time trade-off (C-TTO) and a discrete choice experiment (DCE) 

with death (Kreimeier et al., 2018) ƿ have reported somewhat contradictory results. Both studies 

reported differences in values elicited under adult health and child health perspectives, but in 

different directions: Kind et al. reported lower mean VAS ratings for the child perspective compared 

to the adult perspective, while Kreimeier et al. reported higher mean TTO values for the child 

perspective. The higher TTO values fps!uif!dijme!qfstqfdujwf!njhiu!ibwf!cffo!esjwfo!cz!sftqpoefoutǃ!

aversion or unwillingness to trade off life years for a child (i.e. to choose to effectively shorten a 

dijmeǃt!mjgf*/!Cpui!pg!uif!wbmvbujpo!ufdiojrvft!vtfe!cz!Lsfjnfjfs!fu!bm/!jodmvefe!ejsfdu!comparisons of 

health states with (immediate) death, whereas the VAS approach used by Kind et al. did not include 

any attempt to compare with or anchor at dead. Evidence from Kreimeier et al. suggests that relative 

preferences regarding dimensions/levels are different for the EQ-5D-3L elicited under the adult 

perspective and the EQ-5D-Y elicited under the child perspective. However, the authors did not find 

statistically significant differences across perspectives in the valuation of health state 33333 (the 

worst state in both the EQ-5D-3L and EQ-5D-Y descriptive systems). The Kind et al. study did not 

include health state 33333 in its design. 

Uif!ǂtuboebseǃ!EDF!)bt!pqqptfe!up!EDF!qmvt!evsbujpo0efbui*!tffnt!up!cf!b!gfbtjcmf!tpmvujpo!gps!

eliciting preferences under a child perspective as no time is attached to the health states, thus 

bwpjejoh!uif!jttvft!sbjtfe!cz!btljoh!sftqpoefout!up!tbdsjgjdf!uif!evsbujpo!pg!b!dijmeǃt!mjgf/!Joeffe-!

such preference data for the EQ-5D-Y have been collected from a sample of the UK general 

population, and are reported elsewhere (Rivero-Arias et al., 2017; Mott et al., 2019). However, the 

DCE-estimated utilities based on those relative preferences are on an undefined scale, which cannot 

be used directly in QALY calculations (Oppe et al., 2014). Latent scale DCE data require an anchor 

point that must be obtained from an additional task or method.  

Based on the evidence described above, a key question remains: if we are to use DCE for valuing EQ-

5D-Y health states, what is the appropriate method for anchoring the resulting latent scale values? 

This study tests and compares four methods:  

a) Visual analogue scale (VAS) 

b) Lag-time TTO  

c) Discrete choice experiment with duration (DCEd; described elsewhere as DCETTO (Mulhern et al., 

2014)) 

d) Location-of-dead (LOD) method, part of the personal utility function (PUF) approach  

The aims of the study are: to compare the use of these four alternative methods for establishing 

anchors and the resulting values for health state 33333; to compare anchors for the EQ-5D-3L/adult 

perspective and the EQ-5D-Y/child perspective; and to inform development of a protocol for valuing 

the EQ-5D-Y. 
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We used two versions of the EQ-5D instrument: the EQ-5D-3L (van Reenen et al., 2018) to describe 

adult health states and the EQ-5D-Y (van Reenen et al., 2014) to describe child health states. Both 

instruments comprise broadly the same five dimensions with three levels of response, usually coded 

1, 2 and 3, producing health states that can be summarised using five-digit codes (profiles) ƿ e.g. 

11111 represents no problems in any dimension; 33333 represents the worst possible health state in 

either descriptive system. However, the instruments differ in wording. The EQ-5D-3L uses wording 

considered appropriate for adults, while the EQ-5D-Y was developed as an adaptation of the EQ-5D-

3L for use in child and adolescent populations, with changes made to the labels for various 

dimension and level descriptions. 

 

There exists a broad range of valuation techniques that produce values on a scale anchored at 0 

(dead) and 1 (full health). In this study we focused on the four described below. The first three are 

widely used by health preference researchers (Szende et al., 2007; Brazier et al., 2017). TTO and DCE 

are the methods currently favoured for the valuation of the EQ-5D-5L instrument (Oppe et al., 2014), 

albeit different variants of those methods (composite TTO and DCE without duration, respectively) 

compared to the variants used in this study. VAS is a relatively simple, non-choice-based method, 

generally agreed to represent the most feasible of the various valuation techniques (Brazier et al., 

2017). The fourth method ƿ LOD ƿ is a novel technique co-developed by two of the authors of this 

paper (Devlin et al., 2019) and considered promising by the authors for the purpose of establishing 

the location of dead within a descriptive system. 

These methods permit latent scale DCE data to be anchored using the value obtained for health state 

33333. Other anchoring methods, such as mapping DCE values onto TTO, and combining DCE and 

TTO data in a hybrid model, have been examined elsewhere (Rowen et al., 2015).  

 

The VAS exercise involves rating health states (lasting for 10 years, followed by death) or descriptors 

on a 0-to-211!tdbmf!)sbohjoh!gspn!ǂUif!xpstu!ifbmui!zpv!dbo!jnbhjofǃ!up!ǂUif!cftu!ifbmui!zpv!dbo!

jnbhjofǃ*/!Jg!sbujoht!gps!ǂEfbeǃ!boe!ǂ22222ǃ!bsf!pcubjofe-!uifo!uif!sbujoh!gps!ifbmui!tubuf!i!dbo!cf!

rescaled using the formula: (Ratingh ƿ Ratingdead) / (Rating11111 ƿ Ratingdead). The rescaled rating is 

upper bounded at 1 and anchored at 0 = dead. 

 

We used the lag-time variant of TTO (Devlin et al., 2013; Augustovski et al., 2013). The lag-time TTO 

involves, as its starting point, a choice between 20 years in full health followed by death (life A) and 

10 years in the EQ-6E!ifbmui!tubuf!voefs!fwbmvbujpo-!gpmmpxfe!cz!21!zfbst!jo!gvmm!ifbmui!)uif!ǂmbh-ujnfǃ*-!

followed by death (option B). Respondents could indicate that they preferred life A, preferred life B, or 

dpotjefsfe!cpui!mjwft!up!cf!ǂbcpvu!uif!tbnfǃ/!Efqfoejoh!po!uifjs!dipjdf-!uif!bnpvou!pg!ujnf!jo!gvmm!

health in life A was varied using the same iterative approach as used in the current EQ-5D-5L 

valuation protocol (Oppe et al., 2016). The task ended when the respondent indicated that life A and 

life B are about the same. The value for the health state could be calculated (assuming zero temporal 
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discounting) as follows: U = (t-10)/10, where U is the value (utility) and t is the number of years in full 

ifbmui!jo!mjgf!B!bu!uif!sftqpoefouǃt!qpjou!pg!joejggfsfodf/ 

Lag-time TTO was used in favour of lead-time TTO (as used by Kreimeier et al. (2018) for the 

valuation of worse-than-dead health states) because in the former the health state under evaluation 

occurs at the start of the time frame ƿ i.e. if the scenario were to apply to a 10-year-old child, the 

health state would be experienced whilst the individual in question is still in childhood. However, in 

lead-time TTO the health state being evaluated occurs after 10 years of full health ƿ i.e. the health 

state would not be experienced until adulthood. It is acknowledged that if a 10-year-old child enters a 

health state which then lasts for 10 years, then part of their time experiencing the health state would 

be in adulthood (particularly given that the EQ-5D-Y is designed for use in 8-to-15-year olds). 

However, it was deemed useful to maintain consistency with previous EQ-5D-Y valuation work, which 

had used standard 10-year timeframes (Kreimeier et al., 2018). 

 

The DCEd exercise comprised a series of forced choice paired comparisons. Respondents were 

asked to choose which they preferred out of two EQ-5D health states, each lasting a specified 

duration (1, 3, 6 or 10 years), followed by death. No indifference option was available. 

 

Uif!MPE!fyfsdjtf-!efwfmpqfe!bt!qbsu!pg!uif!QVG!bqqspbdi-!tfflt!up!mpdbuf!fbdi!sftqpoefouǃt!qptjujpo!

of dead within a descriptive system. It is a simplified version of the approach used by Devlin et al. 

(2019), and comprised two parts. First, a ranking task was presented requiring respondents to rank 

level 1 descriptors for each of the EQ-6E!ejnfotjpot!)f/h/!ǂop!qbjo!ps!ejtdpngpsuǃ*!gspn!ǂnptu!

jnqpsubouǃ!up!ǂmfbtu!jnqpsubouǃ-!uifsfcz!btljoh!sftqpoefout!up!dpotjefs!po!xijdi!ejnfotjpot!ju!xbt!

most important to avoid problems. Ties were not permitted. Second, a series of forced choice paired 

comparison tasks were presented, each involving a choice between living in a specified EQ-5D health 

state lasting 10 years (followed by death) and 0 years of life (i.e. immediate death). The information 

gathered in the ranking task was used to personalise the selection of the health states presented in a 

tfsjft!pg!qbjsfe!dpnqbsjtpo!ubtlt-!eftjhofe!up!jefoujgz!uif!joejwjevbmǃt!ejwjejoh!mjof!cfuxffo!tubuft!

considered to be better or worse than dead. Hence, the ranking task responses played an indirect role 

in determining the anchor points using the LOD method. 

 

All respondents completed all valuation tasks using two different perspectives. In the adult 

perspective, they were asked to consider their own health, with the EQ-5D-3L instrument used to 

describe the health states. In the child perspective, they were asked to consider the health of a 10-

year-old child, with the EQ-5D-Y instrument used to describe the health states, following the approach 

used in previous research (Rivero-Arias et al., 2017; Kreimeier et al., 2018). No specific instruction 

was provided about the identity of the 10-year-old child. Half of the respondents were randomly 

allocated to completing the tasks for the adult perspective first; the other half completed the tasks 

for the child perspective first. At the half-way point, a pop-up message appeared on the screen 

advising respondents of the change in perspective. Interviewers were also instructed to advise 

respondents of this change.  

The survey design (Figure 1) was developed with the view to minimising respondent burden: given 

the relatively large number of valuation techniques and perspectives being used, we opted to 

minimise the numbers of tasks for each valuation technique: 
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1. Ranking ƿ single task involving ranking of EQ-5D level 1 descriptors (as needed for the LOD 

technique). 

2. VAS ƿ ratings for 33333 and Dead. With these two ratings, and assuming that the rating for 

11111 is 100 (assumption not tested as part of this study), we were able to calculate an anchored 

value for 33333.  

3. Lag-time TTO ƿ valuations for 22222 (as a warm-up task) and 33333. Note that the TTO 

technique produced values on the 0 and 1 anchored scale.  

4. DCEd ƿ this technique does not produce values directly. Values were estimated by modelling; 

therefore, a specific experimental design was needed. We used a six-step approach. First, we 

prepared the set of all 2,430 possible candidates with overlap in two dimensions, no dominant 

pairs and no repetitions. Second, we simulated 2,000 designs each including 42 pairs. Using the 

D-efficiency measure based on a main effects model, we extracted all pairs included in the best 

20 designs. Third, based on priors from Rivero-Arias et al. (2017) we estimated the choice 

probabilities for the pairs from step 2. Fourth, using these estimated probabilities, we divided 

those pairs into three categories: a) P<=0.2; b) 0.2<P<=0.35; and c) 0.35< P<=0.5 (same for P>0.5 

applies to B state). For a) we used high distance between durations of each pair (i.e. 1 year in one 

state versus 10 years in the other) with the longer duration for the less likely state. For b), we used 

small distance between durations of each pair and the longer duration is for the less likely state. 

For c), we used all possible combinations of durations (1, 3, 6, 10 years). Fifth, based on the 

Bansback et al. (2012) model, where the time was an interaction, we simulated 2,000 designs 

with all possible pairs and selected the best based on the D-efficiency measure. Finally, we 

blocked the design into six blocks (thereby allocating seven DCE pairs to be completed by each 

respondent) by minimising the variance of the level balance between blocks. We used the same 

design for both perspectives. 

5. LOD ƿ this technique does not produce values directly. Respondents were asked to complete up 

to five paired comparison tasks, each involving a choice between 10 years in a specified health 

state followed by death (option A) and 0 years / immediate death (option B). No indifference 

option was available. The health states presented were selected based on a simple algorithm that 

vtfe!fbdi!sftqpoefouǃt!sftqpotft!up!uif!fbsmjfs!sboljoh!ubtl!up!hfofsbuf!b!qfstpobmjtfe!sboljoh!

of all 243 health states. The algorithm assumed an equal distance (in utility terms) between each 

dimension rank (i.e. the difference between the first- and second-ranked dimensions was deemed 

equal to the difference between the second- and third-ranked dimensions), and between levels 

(i.e. the difference between level 3 and level 2 was deemed equal to the difference between level 

2 and level 1). A random number function was used to break ties to generate the ranking. The 

health state presented in the first task was always 33333 (ranked 243rd for all respondents). 

Respondents choosing 33333 over immediate death were not given further choice tasks, but 

were asked if they could think of any health problems that were so bad that they would rather 

choose immediate death, and if so, to describe those problems using an open-ended text box. 

Respondents choosing immediate death over 33333 proceeded to a second task in which 33333 

was replaced by the health state ranked 122nd (half-way between 1st and 243rd; this health state 

varied from respondent to respondent). In the subsequent tasks, the health state presented either 

jnqspwfe!ps!xpstfofe!jo!sboljoh0ftujnbufe!qfstpobm!vujmjuz!efqfoejoh!po!uif!sftqpoefouǃt!

choice in the previous task. An iterative bisection procedure was used for this purpose (Lenert et 

bm/-!2::9*/!Gpmmpxjoh!uif!gjgui!ubtl-!fbdi!sftqpoefouǃt!mpdbujpo!pg!efbe!dpvme!cf!ftujnbufe!up!cf!

within a range comprising 15 to 16 health states. 



O
F

F
IC

E 
O

F 
H

E
A

L
T

H
 E

C
O

N
O

M
IC

S 
R

E
S

E
A

R
C

H 

 

 
5 

 

Figure 1. Ordering of the tasks for respondents randomised to uif!ǂbevmu!qfstqfdujwf!gjstuǃ!bsn 

The adult perspective and EQ-5D-3L were used since an aim of the study was to compare anchor 

points across instruments. However, a small number of additional interviews, using an otherwise 

identical survey design, were conducted with respondents valuing EQ-5D-Y health states throughout, 

in both the adult and the child perspectives. This allowed a comparison of the data collected using 

different perspectives whilst controlling for the descriptive system. Hereafter, the initial interviews are 

sfgfssfe!up!bt!uif!ǂjojujbm!tbnqmfǃ!boe!uif!beejujpobm!joufswjfxfst!bsf!sfgfssfe!up!bt!uif!ǂfyufoefe!

tbnqmfǃ/!Bt!xjui!uif!jojujbm!tbnqmf-!ibmg!pg!uif!fyufoefe!tbnqmf!dpnqmfufe!uif!bevmu!qfstqfdujwf!

tasks first and half completed the child perspective tasks first. 

The valuation tasks were preceded by a small number of warm-up and background questions and 

followed by debrief and further background questions.  

 

Data were collected from members of the UK general population. The survey was administered via 

the EuroQol Group Valuation Technology (EQ-VT) platform. The EQ-VT was used as the basis for 

computer-assisted, one-to-one personal interviews in the homes of respondents, undertaken by a 

team of five experienced interviewers. The interviewers completed a one-day training session on the 

methodology and procedures for this study and were asked to follow step-by-step instructions and a 

script in order to minimise interviewer bias.  

The main data collection was preceded by a pilot, which comprised nine cognitive interviews. In 

addition to completing the valuation tasks using the adapted EQ-VT, pilot respondents were asked 

probing questions about how they interpreted the tasks, what they found difficult, and how the 

questionnaire could be improved. All the cognitive interviews were undertaken by two moderators 

xjui!fyqfsujtf!jo!rvbmjubujwf!sftfbsdi!nfuipet!boe!xfsf!dbssjfe!pvu!jo!uif!pggjdft!pg!uif!npefsbupstǃ!

employer. The cognitive interviews were audio recorded and transcribed. Some minor improvements 

were made to the software (e.g. amendment of on-screen explanatory text) based on the findings of 

the pilot. 

An adapted version of the quality control process developed for EQ-5D-5L valuation studies (Ramos-

Goñi et al., 2017) was followed to ensure protocol compliance. Ethics approval for the survey and 

ebub!dpmmfdujpo!qspdfevsft!xbt!hsboufe!cz!uif!Fuijdt!Dpnnjuuff!pg!uif!Vojwfstjuz!pg!Tifggjfmeǃt!

School of Health and Related Research (approval reference: 011675).  
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Sample size calculations were based on requirements to estimate DCEd models. We estimated that 

a minimum of 300 respondents would be needed for the initial sample assuming a requirement of 

about 50 observations for each of the six blocks of pairs included in the DCEd design. The extended 

sample comprised a further 50 individuals. The sample comprised adult members of the general 

population (aged 18 years and older) in two regions in the UK (Midlands and London/Southeast). The 

tbnqmf!xbt!sfdsvjufe!vtjoh!b!ǂepps!lopdlǃ!bqqroach, with interviewers approaching a household 

member of every third home in a randomly allocated postal area and scheduling interview 

appointments for those individuals that agreed to participate. A recruitment questionnaire was used 

to ensure that the sample was broadly representative of the general population in terms of age and 

gender. Respondents received a shopping voucher worth GBP £10 to thank them for their 

participation. 

The sample for the pilot comprised adult members of the general population in London, recruited 

using a mixed on-tusffu!boe!ǂepps!lopdlǃ!bqqspbdi/!Qjmpu!sftqpoefout!sfdfjwfe!b!tipqqjoh!wpvdifs!

worth GBP £40 to thank them for their participation.  

 

Sample background characteristics were described using frequencies and percentages. Box plots 

were used for describing and comparing lag-time TTO and rescaled VAS values for 33333. TTO 

values observed at 0 and -1 were not treated as censored. The DCEd data were described using 

observed choice probabilities for each of the pairs included in the design. DCEd values for 33333 

were calculated via different models, including the regular conditional logit model, and conditional 

logit models assuming non-constant proportionality (Jakubczyk et al., 2018). We estimated models 

assuming a fixed ½ power and allowing the model to estimate the best-fitted power.  

Fbdi!sftqpoefouǃt!tfu!pg!dipjdft!jo!uif!MPE!ubtlt!sftvmufe!jo!b!sbohf!pg!tubuft!xjuijo!xijdi!efbe!

was deduced to be located (for example, for respondents who chose option A in the first task and 

option B in all subsequent tasks, it was deduced that they located dead between the 228th and the 

243rd health states within their own personal ranking). This approach was not possible for 

respondents who chose option B in the first LOD task, implying that they located dead below 33333 

and therefore beyond the descriptive system. For each of the 16 deduced regions, the midpoint rank 

of the range was calculated and the latent utility corresponding to that midpoint was estimated 

based on the mixed logit model results from the EQ-5D-Y latent scale DCE study reported by Rivero-

Arias et al. (2017). This was done by summing the Rivero-Arias et al. coefficients/disutilities for the 

relevant dimension-levels for each of the 243 health states. That study produced latent utilities based 

on the DCE responses of a different sample from the present study (albeit also a representative 

sample of the UK general public), so combining the data in this way relies on an assumption that 

respondents in the present study would have responded in the same way as respondents in the 

Rivero-Arias et al. study had they completed a similar DCE survey.  These latent utilities ranged from 

0 (corresponding to 11111) to -9.306 (corresponding to 33333; i.e. sum of the five level 3 

coefficients/disutilities reported by Rivero-Arias et al.). The value for 33333 was then rescaled onto 

the 0 (dead) and 1 (full health) scale using the formula: rescaled33333 = (latent33333 - latentdead) / 

(latent11111 - latentdead).  

Analyses were undertaken using Microsoft Excel and STATA software. 
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The main interviews were conducted between September and December 2017. The initial sample 

comprised 299 respondents; a further respondent found the subject matter distressing during the 

interview and asked to withdraw from the study. No respondents who completed their interview in 

full were excluded. The mean (median) duration of interview was 40.0 (39.1) minutes for the initial 

sample; and 40.3 (39.2) minutes for the extended sample. The sample was broadly representative of 

the general population in terms of age and gender (Office for National Statistics, 2017), though the 

oldest individuals (aged 70 years and over) are slightly underrepresented (Table 1). The majority of 

the respondents are parents, though in many cases their children are now adults. 

Table 1. Sample background characteristics 

 Initial sample Extended sample Population 

 n % n % % 

Age      

  18-29 58 19.4% 11 22.0% 20.0% 

  30-39 55 18.4% 9 18.0% 16.8% 

  40-49 44 14.7% 6 12.0% 17.1% 

  50-59 60 20.1% 10 20.0% 16.7% 

  60-69 45 15.1% 9 18.0% 13.7% 

  70+ 37 12.4% 5 10.0% 15.8% 

Gender      

  Female 151 50.5% 26 52.0% 51.1% 

  Male 148 49.5% 24 48.0% 48.9% 

Experience of serious illness      

  In self 69 23.1% 4 8.0% N/A 

  In family 190 63.5% 20 40.0% N/A 

  In caring for others 77 25.8% 4 8.0% N/A 

Self-reported EQ-5D profile      

  11111 184 62.5% 37 74.0% N/A 

  Any other health state 112 37.5% 13 26.0% N/A 

Children      

  No children 66 22.1% 17 34.0% N/A 

  Youngest child is <11yrs 84 28.1% 7 14.0% N/A 

  Youngest child is 11-18yrs 25 8.4% 3 6.0% N/A 

  Youngest child is >18yrs 124 41.5% 23 46.0% N/A 

Experience of working with children      

  Yes 60 20.1% 4 8.0% N/A 

  No 239 79.9% 46 92.0% N/A 

 

Amongst respondents in both the initial and extended samples, anxiety/depression was the highest 

ranked dimension on average (i.e. based on mean rank) in the child perspective but only the third 

highest ranked in the adult perspective. In the adult perspective, usual activities (initial sample) and 

pain/discomfort (extended sample) were the highest ranked dimensions; these were the third and 

second highest ranked in the child perspective, respectively (amongst respondents in both the initial 

and extended samples). Mobility was found to be the lowest ranked dimension on average amongst 

both samples and both perspectives.  
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On average, VAS ratings and values (rescaled ratings) given to 33333 were higher in the child 

perspective than in the adult perspective (Figure 2). A clear majority of respondents considered 

33333 to be better than dead when answering from a child perspective; whether 33333 is better than, 

the same as, or worse than dead under an adult perspective is less clear as the pattern of 

respondents differed between the initial and extended samples.  

 

The average value given to 33333 in the child perspective was close to 0 (or, taking the median, 

exactly 0), whereas in the adult perspective the average value was clearly negative. The majority of 

respondents gave a higher value to 33333 in the child perspective than in the adult perspective in 

both samples (Figure 2). Four of the 349 respondents (1.1%) gave a lower value to 22222 than to 

33333.  

 

DCEd model results were in line with VAS and TTO results to the extent that values for 33333 were 

negative for the adult perspective and positive for the child perspective (this result was consistent 

across all models). Observed choice probabilities showed a preference for longer life duration in the 

child perspective (Table 2). This preference for longer duration meant that models were not 

consistent (i.e. some logically worse health states have higher utilities than logically better, or 

dominant, health states) in the child perspective. It seems that respondents focused more on the 

duration of the lives than to the health problems described. The DCEd results indicate that 

respondents generally avoided shorter life durations and problems with pain/discomfort when 

considering the health of a 10-year-old child, whereas they focused on problems with mobility and 

pain/discomfort when considering their own (adult) health. There are considerable differences 

between the second and fourth columns of Table 2, suggesting low reliability, though it should be 

noted that the sample size per block and therefore the number of observations for each pair is very 

small (for the extended sample; which was considerably smaller than the initial sample that had been 

sized based on DCDd modelling requirements). 

 

One respondent (0.3%) chose option B in all of the LOD tasks, implying that all of the health states 

presented were worse than dead. Conversely, a sizeable minority of respondents chose option A in 

the first task, implying that 33333 is better than dead. The proportion of respondents making this 

choice was higher in the child perspective (initial sample: 32.8%; extended sample: 46.0%) than in the 

adult perspective (initial sample: 23.1%; extended sample: 30.0%). When asked if they could think of 

any health states that were so bad that they would rather choose immediate death, 57.0% of the 

respondents in the child perspective and 53.6% of respondents in the adult perspective said that they 

could. Most of the descriptipot!pg!uiftf!ǂxpstf!uibo!efbeǃ!tubuft!ƿ in both the child and adult 

perspectives ƿ focused on being in vegetative states and/or having severe brain damage. 

Overall, dead was located lower in the descriptive system in the child perspective than in the adult 

perspective, resulting in higher rescaled values (Table 3) ƿ in other words, respondents located dead 

amongst more severe health states in the child perspective. The mean rescaled values shown in 
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Table 3 underestimate the actual value for 33333, since they do not take into account the fact that 

for respondents who chose option A in the first task, the rescaled value for 33333 should be positive. 

Including such positive values would have an upward effect on the mean; it is worth noting that this 

effect would be stronger in the child perspective since more respondents chose option A in the first 

task in this version. The median rescaled values are unaffected by this issue since the median 

respondent chose option B on at least one occasion.    

 
Figure 2. Box-plots of TTO and rescaled VAS values for health state 33333 (upper plots show results 
for initial sample; lower plots show results for extended sample) 

Note: Two outlier VAS values lower than -3 were removed from the graphs for scaling purposes ƿ 

one was rating EQ-5D-3L under an adult perspective; the other was rating EQ-5D-Y under a child 

perspective 


















